
192

 OPEN ACCESS

ReAtt Aff Co 2(2): 192-201 (2026)

ISSN: 3051-2492

Introduction

Global Technology and AI System

Intelligent systems now have a major influence on how we 
process information, make decisions, communicate, and even 
shape social behavior. While they offer real benefits, they also 
create new challenges that affect the way we think and interact.

AI systems help people make decisions faster by gathering 

and analyzing lots of information, modeling outcomes, and 
considering different perspectives. This can lead to more options 
and sometimes make processes more inclusive (Phillips-Wren, 
2012; Zhang et al., 2023). In research, these tools let us closely 
study behavior, emotions, and communication in groups.

Still, some technical aspects add complexity. Deep learning 
models can produce confident but wrong answers, called 
hallucinations. For instance, chatbots might invent historical facts 
or vision systems might detect things that do not exist, which 
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is risky in fields like surveillance or threat assessment. Many 
advanced models are also hard to understand, especially those 
with billions of parameters, making them tough to interpret in 
urgent situations like nuclear decision-making (Saltini, 2025).

People respond to these systems in various ways. Research 
shows that some users trust AI results so much that they check 
them less, which relates to their thinking style and comfort 
with technology (Roff, 2023; Anderson & Rainie, 2023). This can 
influence how people approach their work, feel about system 
performance, and communicate when using AI tools. In groups 
or organizations, these shifts can affect teamwork and decision-
making.

Ethical concerns are also a major topic. Although AI can 
improve efficiency and consistency, these systems depend on 
the choices of their developers and the data they use. This leads 
to questions about bias, fairness, and the level of oversight 
needed in decision-making (Ntoutsi et al., 2020; Rhem, 2021).

Bias, fairness, and real objectivity remain major challenges 
in AI. When models are trained on biased or unbalanced data, 
they can keep or even worsen social inequalities. For example, 
diagnostic or risk tools may be less accurate for certain cultural, 
racial, gender, or economic groups, leading to wrong diagnoses, 
poor treatment advice, or wider gaps in healthcare (Putica et al., 
2025).

Privacy and confidentiality are also important concerns. AI 
chatbots, transcribers, and note generators deal with sensitive 
behavioral and emotional information. If data is breached, 
used without permission, or not well protected, clients can be 
seriously harmed. Psychologists must make sure these tools 
meet standards like HIPAA and keep data secure (APA,Informed 
consent and client autonomy are crucial. Clients should get clear 
explanations about when and how AI is used, whether for simple 
tasks like drafting notes or bigger ones like suggesting treatment 
plans based on sessions. Without enough information, clients 
cannot make fully informed choices about their care (APA, 2025; 
Luxton et al., 2026).., 2026).

Issues with transparency and accountability often stem from 
the ‘black box’ nature of many advanced models. As AI is used 
more widely and models grow more complex, these systems 
often produce results that are hard to understand or explain in 
clinical settings. This lack of clarity is especially serious in high-
stakes situations, like crisis response or suicide risk assessment, 
where professionals need to understand and support the 
reasons behind recommendations (APA; Carr, 2026; Putica et al., 
2025).

Real-world use has revealed more risks. Some AI mental 
health apps have missed psychiatric emergencies, given advice 
that could make conditions like OCD worse, or encouraged 
emotional dependence without clear ways to get human help. 
Some systems also agree too much with users, which can 
reinforce unhealthy thinking or delay needed professional help, 
especially for teens and other vulnerable groups (Common 
Sense Media, 2026).

These problems are closely linked to core ethical principles 
in psychology, like doing good, avoiding harm, fairness, and 
respecting individuals. Guidelines state that AI should support, 
not replace, human clinical judgment, and psychologists must 
remain fully responsible for providing quality and ethical care 
(Luxton et al., 2026).

To address these issues, ongoing efforts are needed to 
reduce bias, involve stakeholders, evaluate tools, and create 
accountability systems that include not just developers but also 
platform providers and practitioners. Bringing AI into psychology 
means thinking carefully about these ethical concerns.

Psychology Approach

Psychology mainly focuses on humans, though it sometimes 
studies the behavior of other species. It is the science of human 
behavior and mental processes, aiming to understand how 
people function. Psychology also examines the subjective 
experiences of individuals within specific social and historical 
contexts, often shaped by social inequalities and trends toward 
depersonalization (Porfidio 2019).

Psychology is a field that has developed over time, with 
its definition, focus, and methods shaped by history and 
debates about knowledge. While scientific psychology became 
formalized in the late 19th century, its ideas and challenges 
have long been part of Western philosophy, social change, and 
modern science (Schultz & Schultz, 2019).

Psychology is a discipline shaped by history and debates 
about knowledge. Its definition, main topics, and methods have 
changed over time. Although scientific psychology became 
established in the late 19th century, its main ideas and issues 
have roots in Western philosophy, social changes, and modern 
science (Teixeira, 2025).

Psychology is a growing field that studies brain mechanisms. 
Some of these are only loosely connected to mental processes, 
while others, like reflexes and instincts, are not usually seen as 
part of the mind. Still, many psychologists define psychology as 
the science of behavior (Colman, 2019).

Psychology began as an ancient Western discipline focused 
on the study of the soul. When people started to wonder about 
the soul and its meaning beyond the body, psychology emerged 
as a way to analyze these questions. Over time, it has sparked 
many discussions about the soul’s origin, nature, and connection 
to the body, eventually leading to ideas about subjectivity and 
consciousness (Goto, 2023).

Psychology explores questions like: What is creativity? 
What is prejudice and discrimination? What is consciousness? 
Psychologists use the scientific method to study the mind and 
behavior. Psychology became a separate academic field in the 
late 19th century; before that, the mind was mainly studied by 
philosophers. Since behavior is rooted in biology, some branches 
of psychology overlap with natural sciences. However, because 
our actions are shaped by interactions with others, psychology 
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is also considered a social science (Hayes, 2023).

According to research in psychology and social science, the 
authors of this study are examining the role of technology and 
AI tools in psychology, such as artificial intelligence, and this 
has been consistent in recent times. It dates back to the mid-
1980s, when the term “Kansei engineering” was introduced 
to the Japanese scientific and technological community; this 
field aimed to interpret sensibility as a human psychological 
characteristic and to study people’s perceptual needs using 
engineering methods. Subsequent research has focused more 
on perceptual information, centering on human psychological 
perceptual activities. The combination of artificial intelligence 
and psychology drives the evolution of AI, enabling computers to 
recognize emotions and understand human feelings, ultimately 
allowing them to engage in conversation and demonstrate 
empathy with humans and other AI systems. This type of 
intelligence is also designed to replicate the heart’s perceptual 
thoughts, facilitating emotional interaction between people 
and machines—as well as machine-to-machine interaction—in 
a manner similar to human interaction (Zhao, Wu, Zhou, Wang, 
& Jia, 2022).

Uses of Artificial Intelligence in Psychology

Psychology is not just about understanding human nature; 
it also addresses practical issues. Advances in psychology and 
related fields show that our knowledge of human thinking and 
behavior is now advanced enough to be used in computer 
science and other practical areas.

Recently, both psychology and artificial intelligence have 
evolved. This progress has revealed some limits to human 
rationality and shown that computers can also be creative.

Although advances in artificial intelligence have caused 
some problems in psychology, they have also produced positive 
outcomes for psychologists studying creativity. This progress has 
created new opportunities for using AI in psychology (Irshad, 
Azmi, & Begum, 2022).

Online research shows that many applications now let users 
simulate therapy or conversations with famous psychologists, or 
even interact with digital versions of people who have passed 
away. In academia, there is a strong focus on understanding 
how AI affects psychological practice, with many benefits 
being highlighted. AI tools can improve diagnosis, treatment, 
user engagement, and learning environments because they 
can “imitate natural language, emotional reactions, and virtual 
interaction.” Psychology as a science and profession plays a 
key role in developing these technologies and discussing their 
regulation and social impact. This expertise helps promote 
health and well-being and addresses ethical and privacy 
concerns related to AI (Peixoto, 2025).

​When describing AI, one can see it shares common 
characteristics with human intelligence—such as language, 
learning, reasoning, decision-making, and other complex human 
traits. Consequently, the use of AI in psychology makes perfect 

sense, even though the process still requires further evaluation 
and discussion. It holds the potential to facilitate accurate 
diagnosis, thorough assessment, and treatment selection by 
helping to understand human behavior and patterns; however, 
while the two fields are interconnected, psychology deals with 
subjective matters, whereas AI technology addresses more 
objective ones (PEREIRA,2022).

The integration of artificial intelligence and cognitive 
psychology in the development of innovative educational and 
psychological solutions has revealed convergences between 
principles of human learning and the technological possibilities 
offered by adaptive algorithms and neural networks. It has been 
observed that AI can be effectively applied—provided it is guided 
by the fundamentals of the psychology of learning—particularly 
regarding knowledge mediation, active construction, and 
respect for individual differences (Silva & Souza, 2025).

Social Science and Human Behavior

A key focus of social sciences is human behavior—how 
people think, act, and relate in different social, cultural, and 
environmental settings. Social sciences see behavior not just 
as a result of biology, but as shaped by ongoing interactions 
between people and their surroundings. Experiences, 
relationships, cultural values, and institutions all influence 
attitudes and actions. Early life experiences can have lifelong 
effects on behavior (Bateson, 2017), and behavior can change 
throughout life as people learn and adapt. This view shows that 
social influences shape decision-making, personality, and social 
patterns well into adulthood (Cohen, 2019). Social sciences also 
stress that behavior should always be understood in the context 
where people live and communicate.

To better understand human behavior, it is important to 
study social environments, cultural practices, emotions, and 
experiences. Both rational and non-rational factors, such as 
cultural norms, social practices, identity, comfort, safety, and 
environmental concerns, influence how people act, as Cohen 
(2019) shows. Bērziņa (2025) adds that not only relationships 
but also the culture, space, and atmosphere of organizations 
affect judgment and decisions. These are just two examples of 
how social science views behavior as shaped by the complex 
interactions between people and their environment, including 
culture, social structure, feelings, and life experiences.

Studying human behavior requires an interdisciplinary and 
interpretive approach to understand the complexity of social 
life. The humanities and social sciences use their own methods 
to explore values, culture, history, and experiences, and Gabriel 
et al. (2022) argue that scientific or quantitative methods alone 
are not enough to understand society. Persson et al. (2018) also 
point out that solving complex social issues needs input from 
multiple disciplines and more cooperation, while still respecting 
the unique roles of social and natural sciences. These studies 
show that social sciences are vital for understanding human 
behavior because they consider social, cultural, environmental, 
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and contextual factors, offering a complete view of how 
individuals and societies affect each other.

Researchers use interdisciplinary and interpretive methods 
to understand the complexity of social life. The humanities 
and social sciences provide unique ways to study values, 
culture, history, and experiences. Gabriel et al. (2022) say that 
understanding society requires more than just scientific or 
quantitative methods. Similarly, Persson et al. (2018) note that 
no single discipline can solve complex social problems, so more 
collaboration between social and natural sciences is needed, 
while respecting each field’s value. These studies show that social 
sciences are important for explaining human behavior because 
they consider social, cultural, environmental, and contextual 
factors. As technology and AI become more influential, these 
broader perspectives will be essential for understanding and 
shaping human behavior in the future.

Social Science: Technology and Artificial 
Intelligence in Transforming Human Behavior 
and Social Science Research

The fast growth of technology and artificial intelligence 
(AI) has changed society and how we study human behavior. 
AI refers to computer systems that can perform tasks such as 
learning, reasoning, decision-making, and language processing 
(Russell & Norvig, 2021). AI is now used in education, healthcare, 
business, government, and communication, affecting how 
people interact, make decisions, and access information. As 
a result, social scientists use AI tools to improve research and 
better understand human behavior, while also looking at the 
social and ethical effects of these changes (Grossmann et al., 
2023).

AI and the Transformation of Social Science 
Research

Artificial intelligence has greatly changed social science 
research. Traditional methods like surveys, interviews, and 
observations are still important, but AI now helps researchers 
quickly process and analyze large, complex datasets. With 
tools like machine learning, natural language processing, and 
predictive analytics, researchers can find patterns and trends 
that would be hard to spot with regular statistics (Bail, 2024).

Digital technologies have produced huge amounts of data 
from social media, online communities, health records, and 
government databases. AI helps researchers study these datasets 
to better understand public opinion, politics, consumer habits, 
migration, education, and health. Grossmann et al. (2023) note 
that AI is changing social science by giving researchers more 
analytical power and encouraging collaboration between fields 
like computer science, psychology, economics, and sociology.

New developments in generative AI and large language 
models (LLMs) have made research more efficient. These tools 
help with literature reviews, coding, questionnaire design, text 

analysis, and data summarization. However, experts warn that 
AI-generated results must be checked carefully, as they can 
include mistakes, false information, or bias. Human judgment 
is still needed to interpret results and keep research valid 
(Demszky et al., 2023).

Technology, AI, and Human Behavior

Technology has deeply changed how people communicate, 
learn, work, and interact. Smartphones, social networks, and AI 
apps have made information more accessible and let people 
connect across distances. These tools have boosted global 
teamwork, made online learning easier, supported remote work, 
and improved access to healthcare.

Despite these benefits, technology has also brought social 
challenges. More time spent on digital media can mean less 
face-to-face contact, more digital dependence, and faster spread 
of misinformation. AI recommendation systems personalize 
content based on past behavior, which can reinforce beliefs, 
create echo chambers, and increase political and social divisions 
(Dwivedi et al., 2023).

AI shapes consumer behavior by providing personalized 
recommendations on shopping sites, streaming services, 
and digital ads. These systems study user preferences to 
predict future choices and purchases. While this makes things 
more efficient and user-friendly, it also raises concerns about 
autonomy, manipulation, and informed choices (O’Neil, 2016).

Ethical Challenges of Artificial Intelligence

As AI becomes more common, it brings up important ethical 
issues in research and society. A key problem is algorithmic 
bias, where AI systems repeat social inequalities because they 
learn from biased or incomplete data. This bias can harm hiring, 
education, healthcare, and legal decisions (O’Neil, 2016).

Privacy and data protection are also major concerns. AI relies 
on large amounts of personal data from devices, social media, 
online transactions, and surveillance. While this data helps 
research and public services, it also raises risks of unauthorized 
collection, misuse, and security breaches. Researchers stress 
the need for ethical rules, informed consent, transparency, and 
strong data management (Resnik & Hosseini, 2024).

​Another issue is using generative AI responsibly in academic 
research. AI can speed up research, but it cannot replace human 
judgment, creativity, or ethics. Researchers need to carefully 
check AI-generated work, confirm information with trusted 
sources, and keep academic integrity throughout their research 
(Demszky et al., 2023).

Future Directions

Artificial intelligence is expected to become even more 
important in social science research. New technologies like 
generative AI, advanced language models, and predictive 
analytics will continue to improve data collection, analysis, 
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policy review, and teamwork across fields. These tools will help 
researchers tackle big issues like public health, climate change, 
education, migration, poverty, and sustainable development 
(Xu et al., 2024).

Future AI development should focus on ethics, transparency, 
fairness, and accountability. Working together—social scientists, 
psychologists, policymakers, computer scientists, and ethicists—
will be key to making sure AI supports human well-being and 
reduces social risks (Bail, 2024).

Technology and artificial intelligence have changed 
both human behavior and social science research. AI helps 
researchers analyze complex data, understand social behavior, 
and create evidence-based policies. At the same time, digital 
tools keep changing how we communicate, learn, work, and 
make decisions. But AI also brings ethical issues like privacy, bias, 
accountability, and misinformation. Solving these problems 
requires responsible AI management, cross-disciplinary 
collaboration, and ongoing human oversight. In the end, AI 
should be seen as a tool that supports—not replaces—human 
expertise, so that technology benefits society and advances 
social science research.

Methodology

Research Design

This study used a qualitative research design and a systematic 
literature review (SLR) to examine psychology, technology, AI, 
human behavior, and social science research. The SLR method 
was chosen because it provides a clear and organized way to 
find, review, and combine existing research on a topic. Using 
SLR helps reduce selection bias, improves the credibility and 
repeatability of results, and involves a set search strategy, 
inclusion and exclusion criteria, and a process for analyzing the 
evidence (Page et al., 2021; Snyder, 2019).

The researchers carried out a multi-disciplinary review, 
drawing on material from psychology, social sciences, 
behavioral sciences, computer science, and AI research. We 
searched the literature in these areas to better understand how 
digital technologies and AI influence human thinking, behavior, 
decision-making, communication, and research practices. 
This interdisciplinary approach also allowed us to consider 
wider social impacts of AI, such as ethical, behavioral, and 
methodological issues in social science research.

The researchers worked together on this systematic review, 
with each member focusing on a specific theme related to 
the main research goal. We used the same search method for 
each theme, then combined the results into one review. This 
teamwork clarified the research concept and ensured consistent 
methods throughout the study (Booth et al., 2022; Aromataris & 
Munn, 2020).

Literature Identification Strategy

The researchers used a systematic process to find scholarly 
studies that matched the aims of this review. The team worked 
together, with each researcher responsible for a specific area 
such as psychology, AI, technology, human behavior, or social 
science research. Each person searched for studies in their area, 
but we followed a shared review framework to keep the process 
consistent.

The researchers set keywords for each theme in advance 
and used Boolean operators like AND and OR to narrow the 
search results. We then screened the results based on the 
study objectives. If there were duplicate records, we removed 
them before reviewing titles, abstracts, and full texts using 
our set screening criteria. This process made the review more 
transparent and consistent, and ensured we included only 
studies relevant to our research goals (Page et al., 2021; Booth 
et al., 2022).

Inclusion and Exclusion Criteria

The researchers made sure the review was high quality and 
relevant by setting inclusion and exclusion criteria ahead of 
time. These criteria helped us select studies from all themes 
and reduced selection bias. We excluded publications that did 
not meet the criteria or were not directly related to the review’s 
aims, and included those that did.

This study used a qualitative research design and a systematic 
literature review (SLR) to examine psychology, technology, AI, 
human behavior, and social science research. The SLR method 
was chosen because it provides a clear and organized way to 
find, review, and combine existing research on a topic. Using 
SLR helps reduce selection bias, improves the credibility and 
repeatability of results, and involves a set search strategy, 
inclusion and exclusion criteria, and a process for analyzing the 
evidence (Page et al., 2021; Snyder, 2019).

Table 1: Inclusion and Exclusion criterias

Inclusion Criteria Exclusion Criteria
Peer-reviewed scholarly publications Publications not directly related to the study objectives

Studies focusing on psychology, AI, technology, human 
behaviour and social science research

Studies outside the scope of the review

Full-text articles available for review Publications without accessible full text

Studies providing empirical or theoretical evidence relevant to 
the research objectives

Duplicate records and studies lacking sufficient 
methodological relevance
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The researchers carried out a multi-disciplinary review, 

drawing on material from psychology, social sciences, 
behavioral sciences, computer science, and AI research. We 
searched the literature in these areas to better understand how 
digital technologies and AI influence human thinking, behavior, 
decision-making, communication, and research practices. 
This interdisciplinary approach also allowed us to consider 
wider social impacts of AI, such as ethical, behavioral, and 
methodological issues in social science research.

The researchers worked together on this systematic review, 
with each member focusing on a specific theme related to 
the main research goal. The researchers used the same search 
method for each theme, then combined the results into one 
review. This teamwork clarified the research concept and 
ensured consistent methods throughout the study (Booth et al., 
2022; Aromataris & Munn, 2020).

Literature Identification Strategy

The researchers used a systematic process to find scholarly 
studies that matched the aims of this review. The team worked 
together, with each researcher responsible for a specific area 
such as psychology, AI, technology, human behavior, or social 
science research. Each person searched for studies in their area, 
but we followed a shared review framework to keep the process 
consistent.

The researchers set keywords for each theme in advance 
and used Boolean operators like AND and OR to narrow the 
search results. We then screened the results based on the 
study objectives. If there were duplicate records, we removed 
them before reviewing titles, abstracts, and full texts using 
our set screening criteria. This process made the review more 
transparent and consistent, and ensured we included only 

studies relevant to our research goals (Page et al., 2021; Booth 
et al., 2022).

Inclusion and Exclusion Criteria

The researchers made sure the review was high quality and 
relevant by setting inclusion and exclusion criteria ahead of 
time. These criteria helped us select studies from all themes and 
reduced selection bias. The researchers excluded publications 
that did not meet the criteria or were not directly related to the 
review’s aims, and included those that did.

Data Extraction and Synthesis

Once the studies were chosen, data from each was carefully 
collected and entered into a review matrix designed for this 
research. The publications provided details about the authors, 
publication year, research aims, methods, and main results. 
Following a structured extraction process kept the evidence 
consistent and allowed for comparison of findings across the 
review’s themes (Aromataris & Munn, 2020).

A narrative thematic analysis was used to bring together 
evidence from the selected studies and find common themes, 
similarities, and differences. Rather than looking at each study 
separately, studies from psychology, AI, technology, human 
behavior, and social sciences were combined to address the 
research question. The findings were summarized in a review 
matrix and discussed to present the results (Snyder, 2019; Booth 
et al., 2022).

Results
The literature search identified 61 records related to the 

study’s four main themes. After removing eight duplicates, 53 
studies were screened by title and abstract. Ten studies were 
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Table  2: Findings of Previous Studies

Author(s) Key Findings / Contribution
Bateson (2017) Behaviour is shaped by early experiences and remains adaptable through social 

and environmental influences.

Bērziņa (2025) Social and physical environments influence emotions, decision-making, and 
behaviour.

Cohen (2019) Human behaviour is influenced by cultural values, social practices, perceptions, 
and context.

Gabriel et al. (2022) Interdisciplinary and interpretive approaches are essential for understanding 
society and human behaviour.

Persson et al. (2018) Complex social issues require collaboration between social and natural 
sciences.

Aromataris and Munn (2020) Structured data extraction and standardized procedures improve systematic 
review transparency and reliability.

Booth et al. (2022) Systematic selection, critical appraisal, and organized data management 
strengthen literature reviews.

Grossmann et al. (2023) AI enhances data analysis and interdisciplinary research but cannot replace 
human reasoning.

Demszky et al. (2023) Large language models support psychological research but raise concerns 
about bias and misinformation.

Dwivedi et al. (2023) AI increases productivity but raises concerns about ethics, privacy, and 
academic integrity.

Russell and Norvig (2021) AI is based on computational approaches to learning, reasoning, and decision-
making.

O’Neil (2016) Biased training data can reinforce discrimination and inequality through AI 
systems.

UNESCO (2021) AI development should prioritize transparency, human rights, fairness, and 
accountability.

Xu et al. (2021) AI advances computational social science through predictive analytics and 
large-scale data analysis.

Ziems et al. (2024) Large language models improve text analysis but require careful validation to 
minimize bias.

Resnik and Hosseini (2024) AI-supported research requires transparency, accountability, and human 
oversight.

Anderson and Rainie (2023) Over-reliance on AI may reduce human vigilance and affect decision-making.

Ntoutsi et al. (2020) AI can inherit and amplify biases in training data, affecting fairness and 
decision-making.

Phillips-Wren (2012) AI supports decision-making by accelerating information access, analysis, and 
evaluation.

Rhem (2021) AI is not fully objective because its outputs reflect human values and training 
data.

Roff (2023) Over-trust in AI can reduce human oversight and increase risks in high-stakes 
decisions.

Zhang et al. (2023) AI can support inclusive decision-making but may reproduce bias without 
representative data.

Saltini (2025) AI in high-risk environments presents concerns regarding transparency, 
hallucinations, and catastrophic failure.

American 
Psychological Association (2025)

Ethical AI use in psychology requires informed consent, privacy, bias 
assessment, and human oversight.

Carr (2026) AI may reinforce unexamined beliefs, highlighting the importance of 
uncertainty and human judgment.
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Common Sense Media (2026) AI mental health applications may pose risks to vulnerable users, particularly 
adolescents.

Luxton et al. (2026) AI offers potential for psychological practice but raises concerns about privacy, 
autonomy, bias, and professional oversight.

Putica et al. (2025) Ethical AI in mental health requires privacy, transparency, justice, autonomy, 
and scientific integrity.

Colman (2019) Psychology examines behaviour and mental processes, while psychiatry focuses 
on mental disorders and their treatment.

Goto (2023) The development of psychology reflects historical and epistemological changes 
in understanding subjectivity.

Zhao et al. (2022) AI has the potential to recognize emotions, understand human states, and 
support human–computer interaction.

Irshad et al. (2022) AI can support mental health professionals through data-driven decision-
making but raises ethical and professional concerns.

Peixoto (2025) Generative AI is transforming psychology education and practice, requiring 
strategic adaptation and governance.

Pereira (2022) Integrating AI and cognitive psychology offers potential for innovation and 
inclusion in education.

Silva and Souza (2025) AI and cognitive psychology can support adaptive educational technologies 
when implemented critically and humanely.

excluded because they did not meet the eligibility criteria 
or were not relevant to the review’s aims. This left 43 full-text 
articles for further evaluation. After reviewing these, eight more 
studies were excluded for lacking methodological or thematic 
relevance. In total, 35 studies met the inclusion criteria and 
were included in the systematic literature review (SLR) shown 
in Figure 1.

All the studies chosen for this section used a multidisciplinary 
approach to explore the connections between psychology, 
artificial intelligence, technology, human behavior, and social 
science research. The analysis found recurring themes like 
behavioral prediction, digital technologies, psychological 
assessment, decision-making, ethical issues, and the use of AI in 
social science research. These findings offer a strong foundation 
for understanding the growing relationship between technology 
and human behavior, which will be discussed further in the next 
section.

Discussion
This systematic review shows that the connection between 

psychology, technology, and artificial intelligence (AI) is 
changing how we study human behavior and social science. AI 
offers new ways to make research more efficient, analyze data, 
process text, and handle large, complex datasets (Demszky et al., 
2023; Grossmann et al., 2023; Ziems et al., 2024). Still, the review 
also finds that AI should support, not replace, human reasoning 
and professional expertise. The literature reviewed shows that 
human behavior is complex and shaped by psychological, social, 
cultural, and environmental factors (Bateson, 2017; Cohen, 
2019). While AI can find patterns and make predictions, it cannot 
fully understand the deeper social and psychological meanings 
behind human actions. Because of this, human judgment is still 
needed to interpret AI results and use them in psychological and 

social settings.

The review also found ongoing ethical concerns. Challenges 
like bias, privacy, transparency, fairness, accountability, and the 
need for human oversight are still major issues in AI-supported 
research and practice (Ntoutsi et al., 2020; O’Neil, 2016; Resnik & 
Hosseini, 2024; UNESCO, 2021). The findings suggest that relying 
too much on AI can lower human attention and raise the risk of 
poor decisions, especially in sensitive fields like mental health 
and psychology. Because of this, strong professional oversight 
and ethical rules are needed.

Overall, these findings show that working together across 
psychology, social science, technology, and AI is important. AI 
can help expand what research can do, but using it well and 
responsibly depends on human expertise, critical thinking, and 
ethics.

Conclusion
This review concludes that AI is changing psychology and 

social science research by improving data analysis, making 
research more efficient, and helping us study complex behavior 
and social issues. However, AI cannot replace human reasoning, 
expertise, or contextual understanding. Looking ahead, 
psychology and social science research should focus on people 
and AI working together, combining technology with human 
judgment and ethics. To use AI responsibly, it will be important 
to keep things transparent, fair, private, and accountable, with 
the right level of human oversight. In the end, working across 
disciplines and keeping ethics in mind can help us get the 
most out of AI, protect people’s wellbeing, and improve our 
understanding of human behavior.
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